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GROWING UP IN SINGAPORE TOWARDS HEALTHY OUTCOMES

1. Early Life:
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THE PEEPRINT FERVER FOR BIOLOCY

Developmental and Intergenerational Landscape

of Human Circulatory Lipidome and its
Association with Obesity Risk
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1. Early Life:
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2. Women’s Health
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2. Women’s Health —
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PMID: 34633450

Population-centric risk prediction modeling fo:
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3. Paternal Origins of Health and Disease
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New Results

Short-term diet intervention alters the small
non-coding RNA (sncRNA) landscape of human

sperm

Epigenetic alterations in male
germline by bariatric surgery Key pathways

altered -
glucose metabolism, energy balance, eating

behaviour and imprinting genes

Candida Vaz- CDA

Project 1 (P1)

Diet intervention
Omega fatty acids
and Vitamin D

Project 2 (P2)

TEAM Study
Bariatric surgery
intervention

Project 3 (P3)
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4. Aging in Asians

Growing Global Ageing
Population >60ys
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Population Prospects, 2019,

yi: -

By 2030, 1 in 4 Singaporeans
will be aged >65y

Chronological age is not a
predictor of biological aging,
healthspan and longevity
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4. Aging in Asians

Biological aging markers
and clocks

SNPs

Trans-ethnic and ethnicity
specific variants associated
with ageing and healthspan

Telomere length
Ethnic variation and SNP variants

Chen et al. BMC Medicine (2022) 20:20
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5. Improving infectious disease forecasting through social media

and electronic health record surveillance

Rajaraman Kanagasabai (12R): Co-Investigator
Watt Pei Yi (12R): Social Sentiments data analyst
. 242,376,717 English

* High frequency (weekly) « UK + SG

e e e ~ tweets worldwide related
[ ‘\ I, \ \ to COVID-19 made from
: ; : . X \ i ) . \ \
! .&g—'.a |Media * Al Sentiment | | Outbreak-social media Weekly 28 January 2020 to 01
IHPC i Twitter, Facebook, News  extraction cor relation = [ ) Forecast Tool Mar 2022
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' Individuals’
s susceptibility

a

Neerja Karnani (Bll): Lead PI
Matthew Choo (BIl): Population dynamics and predictive modeling ,
Jason Huan (BIl): Full Stack developer starting in April (EHR data ‘

acquisition)

25 GOV.LUK Coronavirus (COVID-19) in the UK

Sebastian Maurer-Stroh (BIl) : Co-Investigator
Joses Ho (BIl): Virus variant data analyst

ID HTPO Seed Fund
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