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Al Powered H&E Analysis for Prostate Cancer  Clinical class TCT diagnostic solution based on TBS standard
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I Detection of Cervical cancer on screening TCT
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Prostate Cancer Staging




Multiplex ImmunoFluorescence (MIF) Image analysis
Comprehensive platform for H&E, IHC and MIF imaging The challenges in MIF image analysis

@ ﬂ Cloud based, Image Management, Image QC,
V7 —\. Annotation & Analysis Platform

H&E, IHC and Multiplex
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Diagnosis & Prognosis
Tissue | -
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Fully automatic sample processing & imaging
acquisition facility (Compliance with GLP & CAP)

Image Processing &
Machine Leaming

Imaging
Digitalizati
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Cell-by-cell information in prostate tissue

Breast Cancer Predict
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Developed technical tools and closed loop

Missing capabilities
within Al-based
digital Pathology

WSI Scanning

H&E and IHC Staining

Clinical Samples

Existing Clinical

Pathology Pipelines

Developed Tools Library Partnership

Image Management
+  Archiving
+ Compression
« |mage Stitching
« Image Overlap

Mitosis detection
Cancer

Gleason Grade
Prostate cancer
TMN Stage

Breast cancer

Apps Library - Disease Oriented Solutions

Image Analysis

»  Annotation

»  Segmentation

»  Feature extraction
= Profiling
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PD-1 & PDL-1 analysis

Prostate cancer
Prognosis

Subtype

% Equipment Suppliers
-

"~ « Perkin Elmer
+ Leica
*  Phillips
, Reagent Suppliers
©« Ultivue
* Akoya
*  Leica
sl Perkin Elmer
’g;‘ J: "!; Pathology Labs
ST . NUH&SGH
*  Parkway
*  Fosun

Target Market

Research
Academic & Pharma

Clinical
Confirmation Diagnostics
Prognosis
Treatment Selection
Prediction of Response

Commercial
Instrument Companies
Al Biotech Companies

Cloud Providers

Tech Innovation Productisation Validation

DP Cloud Platform

Future / In Development
Pathology Pipelines
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|| IHC & H&E
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Sample Preparation

Scanning & Staining

AlmagQC

WS! image QC
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AlHistoNote
Structural Dats ennotation VI

AlBridge
Human-Machine verification platform
with Al-driven automated annotation

and image analysis capabilities for
pathologists

Reinforced learning
for image analysis

Telepathology ready. Annotated data
enables the large-scale learning

optimization

Diagnosis Al-Model

ained with annotated, clinical-

relevant data by pathologists together
with clinical information



Overview of AIDP development technical pipeline
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Al Powered H&E Analysis for
Prostate Cancer Staging
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Gastric cancer cancer diagnosis
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DP image quality control - AlmagQC
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Structural DP image annotation platform - AlHistoNotes

1 Initial Step —

Manual Annotation Patch :
Extraction

& Training

Hidden Output
layer Ly

Deep Al Model

Iterative & ROI output
) N3 Process T
Baich Improve Al

Extraction

Iterative Step
Semi-auto Annotation

(Pathologist's adjustment)

AlHistoNote \
Fully-auto Annotation a.k.a 0000 ~
Fully-auto Diagnosis T

(Pathologist's decision making)
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Al-based prostate diagnosis
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Prediction of HER+ breast cancer patient response
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Collaborations: Industrial development
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Fully automatic sample processing & imaging Excellence Co- n Cu%na,og.es HaSIMTech
acquisition facility (Compliance with GLP & CAP) Development

Cloud based, Image Management, Image QC,

Annotation & Analysis Platform EXAMPLE #1
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Clinical
Application
Development

rAl Bio-tech companies
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Al Powered H&E Analysis
for Prostate Cancer
Staging

Detection of Cervical cancer
on screening TCT

Mitosis Detection

(Validation)
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Collaborations: Academic Research
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== NUH

" National University

Hospital
We are working y
on different —)

disease e

Established close

oversea hospital and
medical centers to ensure
the smooth data flow and

clinically relevant questions.

Closely work with different
institutes in A*STAR for
multidisciplinary studies.

Co-development with the
MNC and locale SMEs to
achieve the economic
impacts and realize the
social values of different
projects.

Singapore
___%—_ General Hospital
SingHealth
Prostate cancer y
Endometrial cancer
Sarcoma e

A*STAR RIs

collaboration with locale and

Bioinformatics
Institute
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Breast cancer
Liver cancer
Colon Cancer
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e Melanoma
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CREATING GROWTH, ENHANCING LIVES
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